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Mechanistic models
are used to simulate the tracectory of phy-
siological or biochemical processes in one 
person. The submodels are by themselves 
trained and validated on relevant poppula-
tion data, the interconnection is based on 
multi-level data from weight increase study 
(above) [1]. The model can be personalized 
using individual datadata, and when given 
inpu in form of different scenarios, they can 
be used to simulate the progression of bio-
markers.

Machine learning models
can for example be used to estimate the 
risk of having a stroke given a cross-sec-
tion profile at a given timepoint. The risk 
model used here consists of an ensem-
ble of 4 different logistic regression 
models for 4 different age groups, taking 
in the same risk factors as input [2]. The 
final risk score is a weighted sum of the 
risk scores from each of the models.
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We aim to improve the preventative health dialogue, where individuals and 
specialized nurses, discuss the persons lifestyle and health, using digital 
twins. The digital twins can tbe used to make personalized predictions, and 
can be brought home to follow up on progress, try new life style changes or 
medications, or used to better understand the predictions made. Our digital 
twin consists of two different kinds of models: one Mechanisti model (for pro-
gression of type 2 diabetes and blood pressure) and one Machine learning 
model (ensamble-based risk model).

Next models to add: plack formation and thrombo-
sis formation
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In conclusion,
we hope that our digital twin can serve as 
a valuable tool for patient education and 
as a conversation aid during the clinical 
encounter by improving patients’ under-
standing of their body and health. As 
such, it can facilitate shared decision-ma-
king, promote behavior change towards a 
healthy lifestyle, and improve adherence 
to prescribed medications.
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